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Abstract−This study explores the dual role of media in preserving and potentially distorting cultural heritage, focusing on the 

portrayal of Sabu Island in KOMPASTV's expedition documentary. Utilizing the Digital Content Reviews and Analysis 
Framework, the research comprehensively dissection the documentary’s content, uncovering critical insights into the intricate 

relationship between tourism, cultural preservation, and media representation. By integrating sentiment and toxicity analysis, the 

study identifies the emotional tone and harmful language present within digital narratives, with the toxicity analysis revealing an 

average score of 0.09886 and a peak score of 0.83647, indicating the potential influence model of negative discourse on cultural 
heritage. The sentiment classification, conducted through a Support Vector Machine (SVM) enhanced by SMOTE, demonstrated 

robust performance metrics, including an accuracy of 66.43%, precision of 60.51%, recall of 94.98%, and an F-measure of 73.90%, 

with an AUC ranging from 0.728 to 0.904. Additionally, content analysis centered on key themes such as Economic Impact, Sacred 

Rituals, Tourist Experience, and Weaving Traditions, revealing the complex dynamics where cultural preservation must be 
balanced with economic development and tourism demands. The findings emphasize the need for responsible and authentic media 

portrayals to safeguard cultural identities, as media holds the power to uphold or undermine cultural narratives' integrity. This 

research contributes to the broader discourse on cultural heritage documentation by offering a comprehensive framework for 

evaluating the impact of digital narratives on the preservation of cultural identities, ensuring the accurate and respectful portrayal 
of cultural heritage. 
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1. INTRODUCTION 

Tourism's inherent connection to cultural heritage is multifaceted, with its role extending beyond mere economic 

contribution to influencing the preservation and transformation of cultural identities. The influx of visitors to heritage 

sites often triggers a commodification of cultural practices, wherein traditions are altered to meet tourist expectations, 

potentially compromising their authenticity [1]–[3]. This phenomenon, though financially advantageous, risks diluting 

the essence of cultural heritage, necessitating a critical examination of tourism's impact. Nevertheless, the interaction 

between tourism and cultural heritage also offers significant opportunities for preservation efforts [4]–[6]. The 

visibility afforded by tourism promotes global awareness of cultural assets, while the financial influx facilitates 

conservation initiatives, thus playing a pivotal role in safeguarding these assets. Striking an equilibrium between 

making cultural heritage accessible to tourists and maintaining its authenticity is essential to ensure that tourism serves 

as a tool for cultural preservation rather than degradation. Achieving this balance requires strategic management that 

prioritizes the protection of cultural identity while harnessing tourism's potential to contribute positively to the 

sustainability of heritage sites. 

The convergence of cultural heritage and digital narratives reshapes contemporary society's documentation, 

dissemination, and preservation of traditions. Digitization has significantly expanded the reach and engagement of 

cultural narratives, allowing global audiences unprecedented access to content that was once limited to specific locales 

[7]–[11]. However, this shift from traditional to digital mediums introduces the risk of oversimplification, where the 

depth and contextual richness of cultural narratives may be compromised by the demands of digital platforms for 

accessibility and conciseness [12]–[15]. Despite these concerns, digital narratives represent a formidable means for 

preserving and rejuvenating cultural heritage, offering a way to capture and share intangible cultural elements that 

might otherwise fade into obscurity. Therefore, the practical preservation of cultural heritage through digital platforms 

necessitates a thoughtful approach that maximizes the benefits of technological advancements while carefully 

mitigating the potential drawbacks. 

Cultural heritage documentation through media plays a crucial role in shaping public perceptions and 

preserving the intangible aspects of cultural identity. On Sabu Island, where traditional practices persist yet face 

increasing threats from modernization, media representation of its cultural heritage becomes particularly significant. 

The KOMPASTV expedition documentary on Sabu Island provides an engaging narrative that intertwines the island's 

cultural traditions, daily life, and current challenges. Analyzing this documentary through the lenses of toxicity and 

sentiment offers a deeper insight into the narrative's construction and its potential implications for both the local 

community and a broader audience. This approach underscores the powerful influence of media in maintaining or 

altering cultural identities, particularly within communities vulnerable to the pressures of modernity. Thus, the role of 
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media in cultural heritage documentation demands careful consideration, as it holds the capacity to either protect or 

transform the cultural narratives it portrays. 

The urgency of this research is underscored by the growing influence of media in shaping cultural narratives, 

which demands a rigorous evaluation of the quality and impact of these portrayals. In a time marked by the rapid 

spread of misinformation and the proliferation of negative stereotypes, examining the toxicity embedded in cultural 

documentation and the sentiments evoked in audiences is imperative [16]. This analysis is particularly critical for 

areas like Sabu Island, where the potential for cultural misrepresentation or commodification threatens to distort the 

community’s core values and authentic experiences. By conducting this inquiry, the research seeks to reveal the far-

reaching consequences of media representation on cultural integrity, highlighting the necessity for responsible and 

genuine portrayals that respect and sustain cultural heritage. Such an approach ensures that the media’s decisive role 

in cultural documentation contributes positively to preserving and accurately depicting diverse cultural identities. 

The primary objective of this research is to undertake a comprehensive content analysis of KOMPASTV's Sabu 

Island expedition documentary, focusing on identifying toxic language, examining sentiment, and evaluating how 

these elements shape the portrayal of the island's cultural heritage. Employing sophisticated textual analysis tools, the 

study aims to uncover the latent tones and biases within the documentary’s narrative, thereby offering a critical 

assessment of the media's influence on cultural preservation and representation. The Digital Content Reviews and 

Analysis Framework forms the methodological basis for this inquiry, enabling a structured exploration of the intricate 

relationships between media portrayals and cultural integrity. This analysis highlights the crucial need for scrutiny of 

media content to ensure that the representation of cultural heritage is conducted with authenticity and respect, thereby 

safeguarding the cultural identity of the communities depicted. 

Theoretically, this research contributes to the discourse on media representation and cultural heritage by 

elucidating how toxicity and sentiment are embedded within cultural narratives. It extends existing media analysis 

frameworks by incorporating sentiment and toxicity analysis as essential to critiquing cultural documentation [17]–

[21]. From a practical perspective, the findings of this study offer significant implications for media professionals and 

cultural preservationists, underlining the importance of responsible storytelling [22]. Furthermore, the research 

provides actionable guidelines for creating culturally sensitive content that accurately reflects the lived experiences 

and core values of the communities being depicted, thereby promoting more authentic and respectful media 

representations. This dual focus on theoretical advancement and practical application ensures that the study enhances 

academic understanding and informs the ethical practice of media production. 

Previous studies have extensively explored the media's role in cultural representation, with a particular 

emphasis on the portrayal of indigenous communities and the ethical considerations surrounding such portrayals [23]–

[26]. Despite the widespread application of sentiment analysis within social media to gauge public opinion and 

reactions to cultural events or media content, there remains a significant gap in research that integrates sentiment 

analysis with toxicity detection, specifically within cultural heritage documentation [27]–[30]. This gap is especially 

evident in documentary filmmaking, where such an analytical approach has been largely overlooked. This research 

addresses this deficiency by applying these methods to a distinct cultural setting, bridging the divide between 

theoretical constructs and practical media analysis. Through this integration, the study enhances the understanding of 

how cultural narratives are constructed and perceived, contributing valuable insights into the complexities of media 

representation in preserving cultural heritage. 

A significant limitation of this study stems from its reliance on textual analysis, which may fall short of 

capturing the nuanced visual and auditory elements crucial to the documentary's overall impact [31]–[33]. 

Furthermore, the research is restricted by the documentary's narrow focus, as it offers a singular narrative of Sabu 

Island's culture, potentially lacking the breadth needed to represent the island's diverse cultural practices fully. The 

sentiment and toxicity analysis tools are based on pre-existing linguistic datasets, which may not always accurately 

interpret the cultural and contextual intricacies of the documentary’s narrative. These limitations highlight the 

necessity for a more holistic approach in future research, one that better encompasses the multifaceted nature of 

cultural documentation, integrating visual, auditory, and contextual analyses to provide a more comprehensive 

understanding of the cultural narratives being portrayed. 

2. RESEARCH METHODOLOGY 

2.1 Gap Analysis  

The novelty of this research lies in its innovative integration of sentiment and toxicity analysis within the context of 

cultural heritage documentation, a domain where such analytical approaches have been underutilized. Unlike 

traditional studies focusing on textual or visual content analysis, this research advances the field by applying 

sophisticated linguistic tools to evaluate the emotional tone and potentially harmful content embedded within 

documentary narratives [34]–[37]. This approach enhances the depth of media analysis and provides a more nuanced 

understanding of how cultural narratives are constructed and perceived. By addressing the intersection of media 

representation and cultural integrity, the study introduces a new methodological framework that can be applied across 

various cultural contexts, offering significant implications for both academic research and practical applications in 
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media production. This contribution represents a critical step in ensuring that cultural heritage is portrayed with greater 

sensitivity and accuracy, reinforcing the importance of responsible media practices in preserving cultural identities. 

This research significantly contributes to the body of knowledge by bridging the gap between cultural heritage 

documentation and advanced linguistic analysis, specifically through integrating sentiment and toxicity analysis 

within media representations [38]. By introducing this interdisciplinary approach, the study provides a more 

comprehensive framework for evaluating the impact of media on cultural preservation, moving beyond traditional 

methods that often overlook the subtle emotional and harmful content conveyed in narratives. The research offers 

valuable insights into how media can shape public perceptions of cultural identity, highlighting the potential risks of 

misrepresentation and the importance of ethical storytelling. The study enhances academic understanding of media's 

role in cultural heritage through its methodological innovations. It sets a precedent for future research in this field, 

encouraging the adoption of more nuanced and context-sensitive analytical tools. This contribution underscores the 

need for ongoing examination of media practices to ensure the responsible portrayal and preservation of cultural 

identities in an increasingly digitized world. 

 

 
Figure 1. Network Visualization Tourism and Cultural Heritage 

 

Figure 1 shows the network visualization of tourism and cultural heritage. The findings of this research present 

significant opportunities for contributing to the discourse on tourism and cultural heritage by providing a nuanced 

understanding of how media representations influence the preservation and transformation of cultural identities [39], 

[40]. By employing advanced analytical tools to assess sentiment and toxicity within cultural narratives, the study 

offers a novel approach to evaluating the impact of tourism-driven media content on local communities. This research 

highlights the media's dual role in promoting cultural heritage and potentially distorting it through commodification 

or misrepresentation. The insights gained from this study are crucial for developing strategies that ensure tourism-

related media fosters authentic cultural preservation while minimizing the risks of cultural degradation. Consequently, 

this research advances academic discussions and informs practical interventions in tourism and heritage management, 

emphasizing the importance of responsible media practices in maintaining the integrity of cultural identities amidst 

the growing influence of global tourism. 

In light of the potential scientific contributions, this research adopts the Digital Content Reviews and Analysis 

Framework to process textual data through a more specialized approach, focusing on toxicity, sentiment, and content 

analysis. This methodological choice is driven by the need to critically examine how digital narratives shape public 

perceptions and impact cultural heritage, providing a more granular understanding of the underlying emotional tones 

and biases in media representations. By integrating these analytical dimensions, the study advances beyond traditional 

content analysis, offering a comprehensive evaluation of the factors that influence the authenticity and integrity of 

cultural narratives in digital media. Applying this framework is instrumental in revealing how media can either support 

or undermine cultural preservation efforts, thereby enhancing the scholarly discourse on the intersection of digital 

media, cultural identity, and heritage conservation. This approach underscores the importance of adopting robust 

analytical tools to ensure that the portrayal of cultural heritage in the digital age remains accurate, respectful, and 

reflective of the communities it represents. 

2.2 Digital Content Reviews and Analysis Framework 

The Digital Content Reviews and Analysis Framework is structured around several stages, including context reviews, 

data processing, evaluation and visualization, and context analysis. This framework begins with context reviews, 
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establishing the foundational understanding of the cultural and situational background relevant to the digital content 

under scrutiny. Following this, data processing involves the systematic organization and preparation of textual data, 

ensuring it is ready for in-depth analysis. The evaluation and visualization phase then applies analytical tools to extract 

meaningful insights, presenting the findings in a manner that highlights critical patterns and trends. Finally, context 

analysis integrates these results into the original cultural context, comprehensively interpreting how the digital content 

influences or reflects cultural narratives. This sequential approach ensures a thorough examination of digital media. It 

facilitates the accurate assessment of its impact on cultural heritage, underscoring the framework’s utility in academic 

research and practical applications. 

The primary advantage of this framework lies in its comprehensive and systematic approach to analyzing 

digital content, making it particularly effective for studying the intricate relationship between media representations 

and cultural heritage. By incorporating multiple stages—context reviews, data processing, evaluation and 

visualization, and context analysis—the framework ensures that each aspect of the digital content is thoroughly 

examined within its cultural and situational context. This multifaceted approach allows a deeper understanding of how 

digital narratives are constructed and perceived, providing insights beyond surface-level interpretations. Furthermore, 

integrating advanced analytical tools for sentiment, toxicity, and content analysis enhances the precision of the 

evaluation, enabling a more nuanced interpretation of the data. Such a robust and versatile structure strengthens the 

validity of the research findings. It offers a valuable tool for future studies to assess digital media's impact on cultural 

preservation and representation. This framework’s ability to deliver detailed and contextually informed analyses 

highlights its significant contribution to digital humanities and cultural studies. 

 

 

Figure 2. Digital Content Reviews and Analysis Framework 

Figure 2 shows the digital content reviews and analysis framework. The data processing in this research utilizes 

advanced analytical tools, including Communalytic, Turboscript, and Atlas.Ti, as well as RapidMiner, will ensure a 

comprehensive and multi-dimensional analysis. Communalytic is employed for its robust capabilities in social media 

data analysis, facilitating the identification of sentiment and toxic language within large datasets. Turboscript is 

utilized to streamline the transcription and coding processes, enabling efficient qualitative data handling. Atlas.Ti 

provides a powerful platform for qualitative data analysis, allowing for the intricate coding and thematic exploration 

of textual data. RapidMiner is integrated into the workflow to apply sophisticated machine learning techniques, 

enhancing data insights' predictive accuracy and depth. By leveraging these tools in a coordinated manner, the research 

achieves high analytical rigor, ensuring that the findings are reliable and insightful. This methodological approach not 

only strengthens the validity of the research but also exemplifies the effective use of technology in advancing the field 

of digital humanities and social science research. 

The framework's relevance to this research is evident in its ability to systematically dissect and interpret the 

complex dynamics of digital content in the context of cultural heritage preservation. This framework is particularly 

suited to the study as it offers a structured approach to analyzing the interplay between media narratives and cultural 

identity through stages of context reviews, data processing, evaluation, and context analysis. Its multi-layered 

methodology allows for an in-depth examination of digital content's overt and subtle elements, ensuring that the 

research captures the nuanced ways cultural narratives are constructed, perceived, and potentially altered. By 

integrating sentiment, toxicity, and content analysis tools, the framework aligns with the research's objective of 

evaluating the integrity of cultural representations in digital media. This alignment enhances the analytical precision 

and ensures that the research outcomes directly apply to the ongoing discourse on media’s role in cultural preservation, 

making the framework an indispensable part of the study's success. 

2.2.1 Content Reviews 

The video content selected for processing is titled Surga Hewan Endemik: Sulawesi, identified by the ID 

94plxPmkKVg, and published by the channel Papaver Somnivera on June 29, 2024, with 491,740 views and 1,100 

comments. This video is a significant source for analysis due to its substantial viewership and engagement, indicating 

its potential influence on public perceptions of Sulawesi's endemic wildlife. The comments section, reflecting diverse 

sentiments, offers valuable data for examining the intersection of digital narratives, sentiment, and public discourse 

on wildlife conservation. Analyzing this content provides an opportunity to understand how visual media forms digital 

narratives, thereby informing strategies that align conservation efforts with public engagement. This analysis is critical 
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for developing more effective communication strategies that leverage digital platforms to support wildlife 

conservation initiatives. 

Video id Zrvgcm5jO9U 

 
Video id s0IXDJw4yM8 

 
Figure 3. Post-per-day Statistic of the Video (Communalytic) 

Figure 3 shows the content's post-per-day statistics. The video identified by ID Zrvgcm5jO9U, which has 

accumulated 3,250,400 views since its release on August 4, 2018, alongside 1,925 comments, presents a detailed 

timeline of audience engagement that fluctuates over an extended period. As evidenced by the comment activity, 

initial engagement began moderately with peaks and troughs, showing a significant increase in interaction starting 

around mid-October 2018, where daily comment counts spiked dramatically. This heightened activity continued 

through various phases until it gradually tapered off in 2020 and beyond, with sporadic comments appearing as late 

as 2024. This pattern indicates that the content has maintained a lasting impact and relevance, drawing ongoing interest 

from viewers over several years. Such sustained engagement suggests the video’s ability to resonate with a diverse 

audience, likely due to its compelling content and the relevance of its subject matter, thus making it a valuable case 

study for understanding long-term audience interaction dynamics in digital media. 

The video identified by ID s0IXDJw4yM8, which has amassed 1,180,114 views since its release on August 

11, 2018, and attracted 787 comments, demonstrates a diverse pattern of audience engagement over time. Initially, 

comments were sparse, but a notable surge in activity occurred in late October 2018, mainly on October 22, when 29 

comments were recorded in a single day, reflecting a significant spike in viewer interaction. The heightened 

engagement persisted for several weeks, indicating that the content resonated strongly with the audience. The 

subsequent decline in comment frequency and occasional bursts of activity suggests that the video maintained 

relevance, albeit with diminishing intensity, well into 2021 and beyond. The fluctuating pattern of commentary 

highlights the video's enduring impact on viewers, suggesting its ability to provoke thoughtful discourse and sustain 

interest over an extended period. This pattern provides valuable insights into how digital media content can continue 

to engage audiences long after its initial release, underscoring the potential for sustained influence in the digital age. 

Subsequent analysis must focus on identifying the top ten posters for each video to gain deeper insights into 

the dynamics of audience engagement. Understanding the most active contributors is crucial, as these individuals often 

shape the narrative within the comment sections, potentially influencing the overall sentiment and discourse 

surrounding the video content. By examining the frequency and nature of their contributions, it becomes possible to 

assess these posters' impact on the discussion and how their engagement might reflect broader audience trends. This 

targeted analysis will enhance the understanding of audience interaction and provide a more nuanced perspective on 

how key individuals contribute to the collective narrative within digital media spaces, thereby informing strategies for 

managing and responding to audience feedback in future content creation. 

Video id Zrvgcm5jO9U 

 
Video id s0IXDJw4yM8 
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Figure 4. Top Ten Poster (Communalytic) 

Figure 4 shows the top ten posters. An analysis of the top-ten posters for the video identified by ID 

Zrvgcm5jO9U reveals significant contributions from a select group of users, with @adilasri9699 leading the 

engagement with 19 comments. Following closely are @santaiaja2679 with 15 comments and @anakruteng2850 with 

11 comments, indicating their active participation in shaping the discourse surrounding the video. Other notable 

contributors include @faisalflores2736, @alghifarinzr397, @arjunapratama4271, @stephanivya2427, 

@cohar_official, and @MrLodwyk, each posting between 7 to 8 comments, and @militansejati64 with 6 comments. 

This concentration of activity among a few users suggests that these individuals played a pivotal role in driving the 

conversation, potentially influencing the tone and direction of the discussions. Their engagement indicates a deeper 

connection with the video content, possibly reflecting strong personal or community ties to the subject matter. 

Understanding the motivations and perspectives of these key posters can provide valuable insights into audience 

engagement patterns and inform strategies for fostering more inclusive and diverse discussions in future media 

content. 

An analysis of the top-ten posters for the video identified by ID s0IXDJw4yM8 reveals that @hopehope6454 

is the most active contributor with nine comments, followed by @tersiaratu7762 with seven comments. Other notable 

participants include @fuadfahmi8189 and @gustafherewila7024, each contributing five comments, while 

@arikobama added four comments to the discussion. Additionally, @jontorjoni2632, @artyavega8918, 

@rahmatsantoso6983, @linar3275, and @naduduina8939 each posted 3 comments. This concentrated activity among 

these users suggests they played a crucial role in shaping the narrative and influencing the discourse surrounding the 

video. Their repeated engagement indicates a strong connection or particular interest in the video's content, potentially 

driving the conversation in specific directions and contributing to the overall tone of the comment section. 

Understanding the perspectives and motivations of these top contributors could provide valuable insights into audience 

dynamics and the factors that encourage sustained engagement with digital content. 

Following the identification and content analysis, the relevance of the tourism and cultural heritage topic within 

the context of digital narratives becomes evident, providing a solid foundation for further data processing. This 

intersection is particularly significant as it allows for a nuanced exploration of how cultural heritage is represented 

and preserved in the digital age, primarily through the lens of tourism-driven content. The analysis underscores digital 

narratives' critical role in shaping public perceptions and the potential impacts on cultural identity. By processing the 

data with this contextual understanding, the research is poised to offer valuable insights into how digital platforms 

influence and transform cultural heritage narratives, thereby contributing to the broader discourse on cultural 

preservation in the digital era. This approach ensures that the subsequent data processing will be relevant and aligned 

with the study's objectives, leading to meaningful conclusions. 

2.2.2 Data Processing 

During the data processing stage, a meticulous data cleansing procedure is implemented using the RapidMiner 

application, employing operators such as tokenize, transform cases, filter token by length, and filter by stopwords. 

The tokenization process breaks down the text into individual units, facilitating more precise analysis. Subsequently, 

the transform cases operator standardizes the text by converting all tokens to a uniform case, which helps reduce 

redundancy and ensure consistency across the dataset. The filter token by length operator is then applied to eliminate 

irrelevant data, such as excessively short or long tokens that do not contribute meaningful insights. Finally, the filter 

by stopwords operator removes common words that are generally non-informative, allowing for a more focused 

analysis of the significant terms. This systematic approach to data cleansing enhances the quality and reliability of the 

processed data, laying a robust foundation for subsequent analytical tasks and ensuring that the results are accurate 

and insightful. 

Two thousand seven hundred fifty-seven posts have been meticulously cleaned and are now prepared for 

extraction using the VADER model to generate comprehensive sentiment analysis metrics. This process will yield 

critical outputs such as the overall Score, Scoring String, Negativity, Positivity, Uncovered Tokens, and Total Tokens. 

The VADER model, known for its effectiveness in analyzing social media text, will enable a nuanced interpretation 

of the sentiment expressed within these posts. By quantifying the emotional tone through metrics like Negativity and 
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Positivity, along with assessing the coverage of the sentiment-bearing tokens, this analysis provides a detailed 

understanding of the underlying sentiments in the dataset. The systematic extraction of these features ensures that the 

data is primed for further interpretive analysis, offering valuable insights into the emotional dynamics of the discourse 

under examination. This approach enhances the accuracy of the sentiment analysis and contributes to the research 

findings' depth and reliability. 

 

Figure 5. Data Cleaning, Extraction, and Topic Modeling 

Figure 5 shows the data cleaning, extraction, and topic modeling process. Of the 2,757 posts extracted and 

analyzed, 462 have been classified into the harmful sentiment category, while 2,294 posts fall into the positive 

sentiment category. This distribution highlights a predominantly positive tone within the dataset, suggesting that most 

of the discourse is favorable or supportive. The significant difference in the number of posts between the two sentiment 

classes indicates a strong leaning toward positive engagement among the users. This sentiment analysis provides a 

critical understanding of the overall emotional landscape of the posts, offering insights into the collective mood and 

attitudes expressed by the audience. Such findings are essential for interpreting the broader implications of the data, 

particularly in understanding the general reception and impact of the content being discussed. 

Subsequently, topic modeling was conducted using Latent Dirichlet Allocation (LDA) to identify the key topics 

that garnered the most attention from the viewers. This method allows for extracting latent themes within the dataset, 

providing a structured view of the subjects that resonate most with the audience. By analyzing the distribution of 

topics across the posts, LDA reveals the underlying patterns of discussion, highlighting the areas of interest and 

concern among viewers. This process not only helps in understanding the focal points of the discourse but also aids 

in uncovering the broader narrative that drives viewer engagement. The insights gained from this modeling topic are 

crucial for contextualizing the sentiment analysis, offering a comprehensive understanding of viewer interactions' 

emotional and thematic dimensions. Ultimately, these findings contribute to a more nuanced interpretation of the data, 

informing future strategies for content creation and audience engagement. 

 

Figure 6. Topic Modeling with LDA 

Figure 6 shows the topic modeling result using LDA. The results from the LDA topic modeling reveal the 

model's complex yet insightful performance profile, reflected in key metrics. The LogLikelihood score of -188183.524 

and a Perplexity of 1432.760 indicate the model's effectiveness in capturing the underlying structure of the data, albeit 

with some challenges in managing the diversity of the topics. An average of 2208.100 tokens per document and an 

average document entropy of 5.665 suggest moderate uncertainty in topic distribution, while the average word length 

of 5.540 and coherence score of -25.979 highlight the balance between topic specificity and generalization. The 

model's AlphaSum of 1.440 and Beta of 0.105, alongside a BetaSum of 671.656, reflect the distributional assumptions 

about topic prevalence and word distribution within topics. Metrics such as an average exclusivity of 0.789 and an 

average allocation count of 0.506 further emphasize the model's ability to assign distinct topics to documents while 

maintaining a reasonable overlap, which is crucial for capturing the nuances of the viewer's attention. These findings 
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underscore the complexity and variability in the topics that engage the audience, providing a detailed map of the 

thematic landscape within the data. 

The calculated metrics from the LDA topic modeling offer a comprehensive insight into the model's 

performance and the thematic structure of the analyzed content. The LogLikelihood and Perplexity values, while 

indicating the complexity of the data, suggest that the model has effectively captured the distribution of topics, 

although the relatively high Perplexity points to the inherent diversity within the dataset. The average document 

entropy and token statistics reflect a balanced but intricate allocation of topics across documents, suggesting moderate 

overlap. Although negative, the coherence score aligns with real-world data's complexity, where topics often exhibit 

subtle nuances and intersections. The exclusivity and allocation count metrics demonstrate the model's ability to assign 

distinct topics while preserving some degree of thematic overlap, essential for accurately reflecting the multifaceted 

nature of the viewer's interests. Together, these results indicate that the model has successfully delineated the primary 

topics while acknowledging the nuanced and overlapping themes in the content, thereby providing a robust framework 

for further analysis and interpretation of the thematic landscape. 

The findings from the LDA topic modeling hold significant relevance for this research, as they offer a detailed 

understanding of the thematic structure that underpins the viewer's engagement with the content. The complexity and 

diversity reflected in the LogLikelihood and Perplexity values align with the intricate nature of cultural narratives, 

suggesting that the audience is drawn to a wide array of interconnected topics. This complexity is further underscored 

by the document entropy and coherence scores, which indicate a nuanced distribution of themes, mirroring the real-

world intersections of tourism and cultural heritage within digital narratives. The model’s ability to balance exclusivity 

and allocation provides insight into how distinct yet overlapping topics resonate with viewers, highlighting the 

multifaceted interests that drive engagement. By connecting these metrics to the broader research objectives, it 

becomes clear that the LDA model effectively captures the rich and varied landscape of viewer interests, offering a 

robust foundation for further exploration of how digital narratives shape and reflect cultural heritage. This connection 

enhances the study’s capacity to draw meaningful conclusions about the interaction between digital content and 

cultural preservation. 

The insights gained from the LDA topic modeling underscore the importance of evaluating the performance of 

the VADER classification model using algorithms such as k-NN, SVM, Decision Trees (DT), and Naive Bayes 

Classifier (NBC). Given the complexity and diversity of themes identified by LDA, assessing how effectively the 

VADER model captures and classifies the sentiment within these nuanced topics is crucial. Using k-NN, SVM, DT, 

and NBC in performance evaluation provides a robust comparative framework, allowing for a comprehensive 

understanding of the model's accuracy, precision, and ability to generalize across different thematic contexts. This 

multi-algorithm approach ensures that the classification model is rigorously tested against various decision-making 

processes, essential for validating its effectiveness in handling the intricate and overlapping themes identified by LDA. 

Ultimately, this evaluation is pivotal in refining the sentiment analysis process, ensuring that the model aligns with 

the thematic complexity revealed by LDA and provides reliable and insightful sentiment classifications that contribute 

meaningfully to the research outcomes. 

 
 

Figure 7. Performance Evaluation of Classification Model (Rapidminer) 
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Figure 7 shows the performance evaluation of the classification model using Rapidminer. The evaluation of 

model performance involves a systematic comparison of results obtained with and without the application of SMOTE 

(Synthetic Minority Over-sampling Technique) to identify the most effective algorithm—k-NN, SVM, DT, or NBC—

within the context of the given data. Initially, models are trained and evaluated on the imbalanced dataset, providing 

a baseline performance metric. Subsequently, SMOTE is applied to address the class imbalance, and the models are 

re-evaluated under these new conditions. This comparison reveals how SMOTE enhances the models' generalization 

ability, particularly in handling minority classes. The performance differences in accuracy, precision, recall, and F1 

score allow a nuanced understanding of each algorithm's strengths and weaknesses. The results from this evaluation 

process enable the recommendation of the most suitable algorithm that achieves optimal performance in the context 

of the imbalanced data and demonstrates robustness when balanced data is introduced through SMOTE. This 

comprehensive evaluation ensures that the selected algorithm is well-suited to the specific characteristics of the data, 

thereby enhancing the reliability and validity of the research findings. 

The next step involves evaluating the algorithm with the best performance using key metrics such as accuracy, 

precision, recall, F-measure, and AUC (Area Under the Curve). This comprehensive evaluation allows for a detailed 

assessment of the algorithm's effectiveness in correctly classifying data, capturing the balance between sensitivity and 

specificity, and maintaining overall model robustness. Accuracy provides a general measure of correctness, while 

precision and recall offer insights into the algorithm’s ability to handle positive instances. F-measure serves as a 

harmonic mean of these two metrics, balancing their trade-offs. AUC further complements this analysis by indicating 

the algorithm's ability to distinguish between classes across various threshold settings. By examining these metrics, 

the evaluation confirms the algorithm's superiority and ensures its suitability for the specific requirements of the 

dataset, ultimately guiding its application in the research context. 

2.2.3 Data Evaluation and Visualization 

The evaluation and visualization of data processing results for the videos with IDs Zrvgcm5jO9U and s0IXDJw4yM8 

can be comprehensively assessed by examining the calculated toxicity scores, the performance of the VADER 

classification model, and the content analysis outcomes. The toxicity scores provide a quantitative measure of the 

harmful language in the comments, offering insights into the overall tone of viewer engagement. The performance of 

the VADER model, evaluated through metrics such as accuracy, precision, and recall, reflects its effectiveness in 

sentiment classification within this context. Meanwhile, the content analysis results further contextualize these 

findings by revealing the themes and topics that dominate the discussions. Together, these elements form a holistic 

view of the data, allowing for a deeper understanding of the emotional and thematic dimensions of the content 

interactions, which is critical for deriving meaningful conclusions from the analysis. 

The toxicity score analysis for the video with ID Zrvgcm5jO9U, conducted using Communalytic and the 

Perspective API, evaluated 1,593 out of 1,925 posts, revealing significant insights into the nature of the discourse. 

The average toxicity score across the dataset was 0.09886, with the highest individual score reaching 0.83647, 

indicating occasional but notable harmful language. Severe toxicity was less prevalent, with an average of 0.00853 

and a peak value of 0.45727. Other concerning metrics included identity attacks with an average score of 0.02786 and 

insults averaging 0.08239, both of which underscore the presence of hostile interactions. Profanity was also detected, 

averaging 0.05689, with a maximum score of 0.64460. Threats were the least frequent, with an average score of 

0.00988. These findings highlight the presence of varying degrees of hostile language, though the overall averages 

suggest that such content, while present, is not pervasive. This analysis is crucial for understanding the social dynamics 

within the video's comment section and can inform strategies for moderating online interactions to foster a healthier 

digital environment. 

Video id Zrvgcm5jO9U 

 
Video id s0IXDJw4yM8 
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Figure 8. Average for Dataset and Highest Value of Toxicity Classification (Communalytic) 

Figure 8 shows the dataset's average and the highest toxicity classification value using Communalytic. The 

toxicity score analysis for the video with ID s0IXDJw4yM8, conducted using Communalytic and the Perspective API, 

assessed 610 out of 787 posts, revealing a range of negative language indicators within the comment section. The 

average toxicity score for the dataset was 0.08581, with the highest score recorded at 0.69899, indicating a moderate 

presence of toxic comments. Severe toxicity remained low, averaging 0.00855, with a notable peak of 0.43794. 

Identity attacks were relatively infrequent, with an average score of 0.01934, though the highest score reached 

0.71679, reflecting a significant instance of targeted hostility. Insults averaged 0.05760, with a maximum score of 

0.69911, while profanity had a slightly higher average of 0.06246 and a peak of 0.60019. The threat score was the 

lowest on average at 0.01095 but with a concerning maximum of 0.53305. These results highlight the presence of 

harmful language within the comments, with occasional spikes in severity, underscoring the need for continued 

monitoring and moderation to maintain a constructive and respectful discourse in the digital space. 

The toxicity score analysis for the videos Zrvgcm5jO9U and s0IXDJw4yM8 provides critical insights into the 

nature and intensity of negative interactions within their comment sections. Both videos exhibit moderate average 

toxicity levels, with Zrvgcm5jO9U showing a slightly higher average score than s0IXDJw4yM8, indicating a 

marginally more hostile environment. Severe toxicity and identity attacks were relatively low in both datasets. Yet, 

their peak values reveal the presence of isolated but significant instances of aggressive behavior, particularly in 

identity attacks for s0IXDJw4yM8. The presence of insults and profanity further underscores the existence of negative 

sentiment, though their averages suggest that such language, while present, is not overwhelmingly pervasive. The 

slightly higher threat scores in s0IXDJw4yM8, with a maximum score reaching over 0.5, indicate occasional severe 

concerns within the discourse. These findings emphasize the importance of continued content moderation to mitigate 

the impact of these harmful elements, ensuring that the online discussions remain constructive and respectful, thereby 

preserving the integrity of the digital environment associated with these videos. 

After calculating toxicity scores, comparing these results with the outcomes of sentiment classification is 

essential to gain a more comprehensive understanding of the discourse surrounding the videos. While toxicity scores 

measure harmful language, sentiment classification offers insights into the content's overall emotional tone, which is 

positive, harmful, or neutral. By juxtaposing these analyses, one can discern patterns where high toxicity may correlate 

with negative sentiment or where positive sentiment persists despite isolated instances of toxic language. This 

comparison is crucial for identifying inconsistencies or reinforcing findings, thereby enhancing the robustness of the 

analysis. Such an integrated approach allows for a more nuanced interpretation of the data, enabling more informed 

conclusions about the nature of audience interactions and the overall impact of the content. 

 

k-NN enhanced by SMOTE DT enhanced by SMOTE 

  
SVM enhanced by SMOTE NBC enhanced by SMOTE 
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Figure 9. Area Under Curve of SVM, k-NN, DT, and NBC enhanced by SMOTE 

Figure 9 shows the Area Under the Curve of SVM, k-NN, DT, and NBC enhanced by SMOTE. Based on the 

comparison of AUC values, it is evident that the SVM model enhanced by SMOTE demonstrates superior 

performance, particularly in its ability to distinguish between classes. The model achieves an optimistic AUC of 0.904, 

indicating a high level of accuracy in predicting the positive class, with an overall AUC of 0.816, which confirms its 

robustness across different thresholds. The model maintains discriminatory solid power despite the slightly lower 

AUC in the pessimistic scenario, at 0.728. The accuracy of 66.43% and the precision of 60.51% reflect a solid balance 

between correctly identified positive cases and minimizing false positives. The recall rate of 94.98% is particularly 

noteworthy, suggesting that the model is highly effective at capturing the positive instances, albeit with some trade-

off in precision. The F-measure of 73.90% further corroborates the model's balanced performance, combining 

precision and recall to provide a comprehensive assessment. These metrics collectively affirm the enhanced SVM 

model's capability, particularly in contexts requiring high sensitivity to positive classifications, making it a 

recommended choice for similar analytical tasks. 

The performance of the SVM model without the application of SMOTE reveals notable characteristics, 

particularly in terms of accuracy and class discrimination. The model achieved an accuracy of 70.39%, reflecting its 

general effectiveness in classifying data correctly. However, the AUC values present a more nuanced picture: while 

the optimistic AUC is relatively high at 0.871, indicating strong performance under ideal conditions, the overall AUC 

drops significantly to 0.633, and the pessimistic AUC falls further to 0.395. It suggests that the model struggles with 

class discrimination when the data distribution is less favorable. Despite this, the model exhibits a high recall rate of 

96.94%, which indicates its strong ability to identify positive cases. However, this is somewhat offset by a precision 

of 70.03%, pointing to a higher rate of false positives. The F-measure of 81.31% demonstrates a reasonable balance 

between precision and recall. Still, the overall performance suggests that while the SVM model performs adequately 

without SMOTE, it may not handle imbalanced data as effectively as needed, highlighting the potential benefits of 

data balancing techniques for improving classification outcomes. 

The toxicity calculation and sentiment classification results should be carefully compared with the outcomes 

of content analysis to gain a holistic understanding of the data. While toxicity scores provide insights into the presence 

of harmful or aggressive language, and sentiment classification identifies the overall emotional tone, content analysis 

delves deeper into the thematic structure and context of the discussions. By juxtaposing these results, it becomes 

possible to identify correlations between toxic language and negative sentiment or to uncover instances where content 

may be thematically rich but marred by underlying negativity. This comparison is crucial for ensuring the analysis 

captures the surface-level emotions and language and the deeper meanings and themes driving the conversations. The 

integration of these three analytical dimensions enhances the overall interpretation of the data, leading to more 

informed conclusions about the nature and impact of the content on its audience. 

2.2.4 Content Analysis 

The content analysis reveals that the video’s narrative is intricately connected to critical themes, including Arid 

Adaptation, Economic Impact, Lontar Palm, Marketing Strategies, Rituals, Sacred Rituals, Tourist Experience, and 

Weaving Traditions. These themes collectively illustrate the complex interplay between cultural heritage and modern 

influences, highlighting how traditional practices such as weaving and rituals are being maintained and adapted in the 

face of economic and environmental challenges. The focus on marketing strategies and tourist experiences suggests 

an ongoing effort to balance cultural preservation with economic development, particularly in promoting unique local 

traditions like the Lontar Palm and sacred rituals. Additionally, the discussion of transportation impact underscores 

the broader infrastructural considerations affecting the community and the visitor experience. This thematic richness 

underscores the video’s role in portraying a multifaceted narrative that preserves cultural identity and engages with 

contemporary economic and environmental pressures. 
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Figure 10. Network Visualization of the Coding Result  

Figure 10 shows the network visualization of the coding result. The network visualization of the coding result 

comprehensively illustrates the interconnections among various themes and concepts identified in the analysis. This 

visualization captures the complexity and multidimensionality of the narrative structure, revealing how different 

topics, such as cultural traditions, economic impacts, and environmental adaptations, are interrelated within the 

broader context. Each node represents a distinct theme, while the connecting lines indicate the relationships and 

interactions between these themes, highlighting the integrated nature of the discourse. The density of the connections 

suggests a high level of thematic interdependence, where multiple aspects of the narrative influence and inform each 

other. This interconnectedness is crucial for understanding the holistic nature of the subject matter, emphasizing that 

the themes do not exist in isolation but rather as parts of a cohesive whole. Such a visualization aids in identifying 

critical focal points within the narrative, allowing for a more in-depth exploration of how these themes collectively 

contribute to the overall understanding of the topic. 

The complexity of the network among the codes necessitates a strategic selection of key themes for discussion, 

with particular emphasis on Economic Impact, Sacred Rituals, Tourist Experience, and Weaving Traditions. These 

selected nodes are central to the overall narrative and exhibit significant interconnections with other themes, making 

them pivotal in understanding the broader context. The focus on Economic Impact reflects the critical role of financial 

considerations in shaping cultural practices. At the same time, Sacred Rituals underscore the deep-rooted spiritual 

elements that influence and are influenced by these economic factors. The Tourist Experience is closely linked with 

economic outcomes and the preservation or transformation of cultural practices, bridging local traditions and global 

interactions. Finally, Weaving Traditions represent a tangible manifestation of cultural heritage, directly impacted by 

economic and tourist activities, while also embodying the spiritual and ceremonial aspects of the culture. The selection 

of these themes for further discussion allows for a nuanced exploration of how economic forces, cultural practices, 
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and external influences interact within this complex network, providing deeper insights into the sustainability and 

evolution of cultural heritage. 

3. RESULT AND DISCUSSION 

The discussion in this research is divided into two key sections: examining the toxicity score calculations and 

sentiment classification results, followed by a content analysis framed within the perspective of tourism and cultural 

heritage. The first section delves into the quantitative assessment of user interactions, highlighting the levels of toxicity 

and sentiment within the discourse, which provides insights into the emotional tone and potential conflicts within the 

narrative. This analysis is crucial for understanding the digital environment surrounding the content, revealing patterns 

of engagement that may affect the perception of cultural topics. The second section shifts focus to a qualitative 

analysis, where the content is dissected through the lens of tourism and cultural heritage. This approach allows for a 

deeper exploration of how cultural narratives are constructed, maintained, or transformed in the context of economic 

and social influences brought about by tourism. By integrating these two analytical perspectives, the discussion offers 

a comprehensive understanding of the interplay between digital discourse and the preservation or evolution of cultural 

heritage in the face of tourism. 

3.1 Toxicity and Sentiment Analysis 

Integrating toxicity and sentiment analysis is crucial in content analysis, as it offers a comprehensive understanding 

of the emotional tone and the potential harmfulness within digital discourse. Toxicity analysis specifically identifies 

and quantifies harmful and potentially damaging language, such as insults, threats, and identity attacks, which can 

significantly influence the overall atmosphere of a conversation and affect the well-being of participants. Meanwhile, 

sentiment analysis provides insights into the general emotional direction of the content, whether positive, negative, or 

neutral, thereby revealing underlying attitudes and perceptions. Together, these analyses allow for a nuanced 

evaluation of how audiences perceive and engage with content. By understanding the interplay between sentiment and 

toxicity, researchers can better assess the impact of digital narratives, identify areas where intervention might be 

necessary to promote healthier interactions and enhance the quality and inclusivity of online communities. This dual 

approach is essential for making informed decisions in content moderation, policy-making, and developing strategies 

to foster constructive dialogue in digital spaces. 

Toxicity analysis is a critical tool in examining digital content, providing a means to identify and measure the 

presence of harmful or disruptive language within online interactions. This analysis focuses on detecting various forms 

of negative communication, such as insults, threats, identity attacks, and profanity, which can degrade the quality of 

discourse and contribute to a hostile environment. By quantifying the extent of such toxicity, researchers gain valuable 

insights into the dynamics of digital conversations and the impact of toxic language on the broader community. The 

application of toxicity analysis is significant in moderating content and developing strategies to mitigate harmful 

behaviors, thereby promoting a safer and more respectful online space. Furthermore, understanding the patterns and 

triggers of toxic interactions can inform the creation of more effective interventions, ensuring that digital platforms 

foster constructive and inclusive dialogue rather than becoming arenas for negativity and conflict. 

 

Figure 11. Average Toxicity Score (Content id Zrvgcm5jO9U ) 

Figure 11 shows the average toxicity score of video content ID s0IXDJw4yM8. Identifying and analyzing 

toxicity scores within the dataset reveal significant variations in the prevalence of harmful language across different 

categories. The average toxicity score stands at 0.09886, with a peak value reaching 0.83647, indicating that while the 

overall discourse remains relatively moderate, there are instances of extreme toxicity. Severe toxicity is less common, 

with an average score of 0.00853, but notable peaks occur with values as high as 0.45727. Identity attacks, which can 

profoundly impact the targeted individuals or groups, average 0.02786, with a maximum score of 0.49117, reflecting 

isolated but impactful occurrences. The insult category shows an average of 0.08239, with a high of 0.78565, 

demonstrating a significant presence of derogatory language. Profanity is also prevalent, with an average score of 

0.05689 and a peak of 0.64460, highlighting the use of coarse language within the comments. Lastly, while infrequent, 

threats have an average score of 0.00988, with the most severe cases scoring 0.34804. These findings underscore the 
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importance of ongoing content moderation to mitigate the impact of toxic language, ensuring a healthier and more 

respectful digital environment. 

 

 

Figure 12. Average Toxicity Score (Content id s0IXDJw4yM8) 

Figure 12 shows the average toxicity score of video content ID s0IXDJw4yM8. The toxicity analysis of the 

video with ID s0IXDJw4yM8 reveals a varied range of negative interactions within the comment section, as reflected 

in the dataset's average and highest values across multiple toxicity categories. The average toxicity score is 0.08581, 

peaking at 0.69899, indicating occasional spikes in harmful language usage. Severe toxicity, while less prevalent, 

shows an average of 0.00855, reaching a maximum of 0.43794, signaling isolated but significant instances of highly 

negative behavior. Identity attacks, which can profoundly impact individuals or groups, have an average score of 

0.01934 and a peak value of 0.71679, suggesting that although these occurrences are relatively rare, they can be 

particularly intense. The insult category averages 0.05760, with a maximum of 0.69911, indicating a moderate 

presence of derogatory remarks. Profanity appears with an average score of 0.06246 and a peak of 0.60019, 

highlighting the use of coarse language within the discourse. Finally, the threat category, with an average of 0.01095 

and a maximum score of 0.53305, underscores the presence of occasional but concerning threats in the interactions. 

These findings highlight the need for targeted moderation efforts to address and mitigate the impact of toxic behavior 

in digital spaces. 

The subsequent evaluation of algorithm performance in classification tasks has demonstrated that the Support 

Vector Machine (SVM) algorithm consistently outperforms other models. This superior performance is reflected in 

its higher accuracy, precision, recall, and overall robustness across various datasets. The SVM's ability to effectively 

separate classes, even in complex and high-dimensional spaces, underscores its strength in handling the intricacies of 

the data. Moreover, the stability of SVM in producing reliable results across different evaluation metrics further 

solidifies its position as the most suitable algorithm for the classification tasks at hand. This conclusion is based on a 

comprehensive analysis of its performance metrics. It consistently shows that SVM excels in capturing the underlying 

patterns within the data, making it the preferred choice for applications requiring high precision and accuracy. 

Consequently, the adoption of SVM in similar contexts is strongly recommended, given its proven efficacy and 

reliability in classification. 

The performance of the Support Vector Machine (SVM) algorithm without applying SMOTE reveals a 

balanced yet nuanced classification capability. The model achieved an accuracy of 70.39%, reflecting its moderate 

effectiveness in correctly classifying instances across the dataset. The confusion matrix indicates that while the model 

accurately classified 888 positive instances, it also misclassified 380 positive instances as unfavorable, highlighting 

areas for potential improvement in handling class imbalances. The AUC scores present a mixed picture: an optimistic 

AUC of 0.871 suggests strong performance under favorable conditions. However, a significant drop to 0.633 for the 

overall AUC and 0.395 for the pessimistic scenario indicates difficulty distinguishing between classes. Precision 

stands at 70.03%, coupled with a high recall of 96.94%, suggesting that the model is more adept at capturing positive 

cases, though this comes at the cost of an increased false-positive rate. The F-measure of 81.31% confirms that, despite 

some limitations, the SVM maintains a good balance between precision and recall, making it a reliable choice for 

classification tasks. However, further optimization may be needed to enhance performance, particularly in scenarios 

with significant class imbalances. 

The performance of the Support Vector Machine (SVM) algorithm, when enhanced with SMOTE, 

demonstrates a trade-off between accuracy and the model’s ability to handle class imbalances effectively. The model 

achieved an accuracy of 66.43%, slightly lower than without SMOTE, indicating a decrease in overall correctness due 

to the introduction of synthetic minority oversampling. However, this adjustment significantly improved the model’s 

ability to differentiate between classes, as reflected in the optimistic AUC of 0.904 and an overall AUC of 0.816, 

highlighting enhanced discriminatory power across various scenarios. The pessimistic AUC of 0.728 further supports 

the model’s robustness even in less favorable conditions. Despite a moderate precision of 60.51%, the recall rate of 

94.98% indicates that the model is susceptible to detecting positive instances, although this sensitivity results in a 

higher number of false positives. The F-measure of 73.90% suggests a balanced performance, integrating both 

precision and recall, making the SVM with SMOTE a powerful tool for tasks requiring effective class differentiation, 

particularly in datasets with significant imbalances. It makes the SVM with SMOTE a valuable choice where 

sensitivity to minority classes is crucial, even at the expense of some accuracy. 
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The toxicity and sentiment classification analysis reveals a nuanced landscape of digital interactions where 

harmful language and emotional tone play critical roles in shaping the discourse. The toxicity analysis highlights 

harmful elements such as insults, identity attacks, and profanity, with varying degrees of severity across different 

posts, suggesting a need for careful moderation to maintain a respectful environment. Concurrently, sentiment 

classification provides insights into the emotional context, illustrating how positive, negative, or neutral sentiments 

dominate the conversation. The intersection of these two analyses underscores the complexity of online 

communication, where sentiment and toxicity often coexist, influencing the overall perception and reception of 

content. This dual approach enhances the understanding of the digital discourse and informs strategies for fostering 

healthier, more constructive interactions. The findings indicate that managing sentiment and toxicity is crucial for 

creating a balanced and inclusive online space, ensuring diverse voices can engage meaningfully without the 

detriments of harmful language. 

3.2 Content Analysis: Tourism and Cultural Heritage 

Content analysis is a crucial complement to interpreting toxicity scores and sentiment classification, providing a 

deeper understanding of the underlying themes and narratives that drive digital interactions. While toxicity analysis 

identifies the presence and intensity of harmful language, and sentiment classification captures the emotional tone of 

the discourse, content analysis delves into the substantive elements of the conversation, revealing the topics and ideas 

that are most salient to the participants. This approach allows for a more holistic interpretation, where the context and 

meaning behind the toxic or emotionally charged language are made clear, offering insights into why particular 

sentiments prevail and how they are expressed. By integrating content analysis with toxicity and sentiment metrics, 

the study gains a more nuanced perspective on the data, enabling more informed conclusions about the nature of the 

discourse and the factors influencing it. This comprehensive analysis not only enhances the accuracy of the findings 

but also informs strategies for improving the quality and direction of future digital interactions. 

The coding and selection of relevant topics in the content analysis, aligned with the themes of tourism and 

cultural heritage from KOMPASTV's expedition in Sabu Island, have identified several critical areas of interest: 

Economic Impact, Sacred Rituals, Tourist Experience, and Weaving Traditions. These topics encapsulate the 

multifaceted relationship between tourism and cultural preservation and highlight how local traditions are influenced 

by and interact with external economic forces. The focus on Economic Impact reveals how tourism serves as both a 

boon and a challenge for local communities, affecting livelihoods and the sustainability of cultural practices. Sacred 

Rituals, meanwhile, underscore the deep spiritual connections that continue to play a vital role in the community’s 

cultural identity, often juxtaposed against the commodification pressures of tourism. Tourist Experience offers insights 

into how visitors perceive and engage with the local culture, shaping the narrative and authenticity of the cultural 

heritage being presented. Lastly, Weaving Traditions represent a tangible expression of cultural heritage, where the 

intersection of traditional craftsmanship and market demands reveals broader implications for cultural continuity. 

These topics collectively offer a rich foundation for further exploration and discussion, particularly in understanding 

the dynamic balance between preserving cultural heritage and embracing the economic opportunities presented by 

tourism. 

 

Figure 13. Economic Impact 

Figure 13 shows the economic impact network based on the documentary video of KOMPASTV in Sabu 

Island. In the context of economic impact, the analysis reveals a multifaceted influence of tourism on the local 

economy, which encompasses both positive and negative dimensions. On one hand, the economic benefits brought by 

tourism are evident in the increased opportunities for income generation and the sustainable utilization of resources. 

These benefits, however, are tempered by negative perceptions and challenges related to the unique characteristics of 
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the local economy, such as the impact on transportation and the potential for exploitation or overuse of resources. The 

sustainable utilization of economic benefits highlights the need for balanced approaches that ensure long-term 

prosperity without compromising the cultural and environmental integrity of the region. Meanwhile, the impact on 

transportation underscores the infrastructural challenges accompanying increased tourist activity, which can strain 

local resources and alter the traditional modes of living. This complex interplay between economic advantages and 

the accompanying challenges necessitates careful planning and policy-making to maximize the positive outcomes of 

tourism while mitigating its adverse effects on the local economy and cultural heritage. 

 

 
 

Figure 14. Tourist Experience 

Figure 14 shows the tourist experience network based on the documentary video of KOMPASTV on Sabu 

Island. In the context of tourist experience, the analysis emphasizes the multifaceted nature of how visitors engage 

with and perceive a destination, particularly in regions with rich cultural heritage. The tourist experience is shaped by 

factors such as accessibility to attractions, the uniqueness of cultural sites, and the overall ease of navigation within 

the destination. Additionally, tourists' perceptions are influenced by their encounters with developed and less 

accessible sites, including sacred locations with significant cultural or spiritual importance. The interaction between 

tourists and the local environment and the level of engagement with cultural practices play a critical role in shaping 

the overall experience. However, challenges such as complex navigation or limited access to certain attractions can 

detract from the experience, highlighting the need for careful management of tourism development. Ultimately, the 

impact of tourist experiences extends beyond individual satisfaction, influencing the broader perception of the 

destination and contributing to the ongoing dialogue between preserving cultural heritage and accommodating the 

needs of modern tourism. 

 

Sacred Rituals Weaving Tradition 

  
 

 

Figure 15. Sacred Rituals and Weaving Tradition 
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Figure 15 shows the sacred rituals and weaving tradition network based on the documentary video of 

KOMPASTV in Sabu Island. In the context of sacred rituals, the analysis highlights the intricate balance between 

cultural preservation and the pressures of modern tourism. Sacred rituals, deeply embedded in the cultural fabric, hold 

significant traditional and spiritual values that are often at the core of a community's identity. These rituals are vital 

for cultural heritage preservation and serve as unique characteristics that differentiate the culture in the global tourism 

market. However, the intersection of sacred rituals with cultural tourism introduces challenges, particularly in 

maintaining the authenticity and sanctity of these practices while making them accessible to tourists. The 

commodification of sacred rituals through marketing strategies and including traditional crafts can lead to these 

practices' preservation and potential dilution. Therefore, understanding the cultural significance of sacred rituals and 

implementing strategies that respect their unique characteristics is essential for ensuring that cultural tourism 

contributes positively to safeguarding intangible cultural heritage rather than undermining it. The delicate balance 

between cultural significance and commercial appeal must be managed carefully to sustain the integrity of sacred 

rituals in the face of increasing tourism. 

In the context of weaving traditions, the analysis underscores the importance of this cultural practice as a 

cornerstone of traditional crafts and community identity. Weaving, mainly cotton and other natural materials 

represents a rich cultural heritage and embodies the skills and artistry passed down through generations. This tradition 

extends beyond the act of weaving itself, encompassing related crafts such as pottery and the construction of traditional 

rowboats, which are often intricately connected to the same cultural narratives. These practices reflect the 

community’s relationship with its environment, utilizing locally sourced materials and techniques that have been 

refined over centuries. Preserving weaving traditions is crucial, as it sustains the tangible and intangible aspects of 

cultural heritage, including the knowledge systems, social structures, and economic activities tied to these crafts. 

However, integrating these traditions into the tourism sector poses challenges, such as ensuring authenticity while 

adapting to market demands. Balancing the preservation of traditional techniques with the need to innovate for 

economic viability is essential to maintaining the cultural significance of weaving traditions in contemporary society. 

The content analysis conducted in this study provides a comprehensive understanding of the intricate 

relationship between cultural heritage and tourism, revealing key themes central to both the preservation and 

commercialization of cultural practices. Examining economic impact, sacred rituals, tourist experience, and weaving 

traditions highlights the complex dynamics at play, where cultural preservation efforts must be balanced against the 

pressures of economic development and the demands of global tourism. The analysis underscores the importance of 

maintaining cultural integrity while adapting to external influences, ensuring that the commodification of cultural 

practices does not erode their authenticity or significance. Moreover, the findings suggest that thoughtful integration 

of cultural heritage into the tourism sector can be a powerful tool for economic growth and cultural preservation, 

provided strategies are carefully designed to respect and sustain the unique characteristics of the showcased culture. 

Thus, the content analysis illuminates the challenges faced in this intersection and offers insights into potential 

pathways for fostering a more sustainable and culturally sensitive approach to tourism. 

4. CONCLUSION 

The research underscores the media's dual role in preserving and potentially distorting cultural heritage through its 

portrayal of Sabu Island in KOMPASTV's expedition documentary. The study meticulously dissected the 

documentary's content using the Digital Content Reviews and Analysis Framework, revealing significant insights into 

the complex interplay between tourism, cultural preservation, and media representation. The framework's integration 

of sentiment and toxicity analysis provided a nuanced understanding of digital narratives' emotional tone and potential 

harmfulness. The toxicity analysis revealed an average score of 0.09886, with the highest toxicity score reaching 

0.83647, indicating the presence of harmful language that, although not pervasive, could significantly influence the 

discourse surrounding cultural heritage. Furthermore, the research employed a Support Vector Machine (SVM) model 

to evaluate sentiment classification. The SVM model, enhanced by SMOTE (Synthetic Minority Over-sampling 

Technique), demonstrated strong performance with an accuracy of 66.43%, precision of 60.51%, recall of 94.98%, 

and an F-measure of 73.90%. The Area Under the Curve (AUC) for the SVM model was particularly notable, with an 

optimistic AUC of 0.904, an overall AUC of 0.816, and a pessimistic AUC of 0.728, underscoring the model's 

robustness in classifying sentiment even in complex and imbalanced datasets. In addition, the content analysis focused 

on key themes such as Economic Impact, Sacred Rituals, Tourist Experience, and Weaving Traditions. These themes 

illuminated the complex dynamics at play, where cultural preservation efforts must be balanced against the pressures 

of economic development and the demands of global tourism. The analysis highlighted how tourism can positively 

and negatively influence local economies, cultural practices, and community identities. For instance, the Economic 

Impact theme revealed tourism's benefits and challenges. At the same time, the exploration of Sacred Rituals 

underscored the tension between maintaining cultural authenticity and accommodating tourist expectations. The 

themes of the tourist experience and weaving traditions further illustrate how cultural heritage is adapted and 

sometimes commodified in response to external influences. These findings collectively highlight the necessity for 

responsible and authentic media portrayals to safeguard cultural identities, as media has the power to either uphold or 

undermine the integrity of cultural narratives. The research illustrates the importance of a balanced strategy that 
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leverages the benefits of tourism-driven media while mitigating its potential negative impacts on local communities. 

This study thus contributes to the broader discourse on cultural heritage documentation by providing a comprehensive 

framework for evaluating the influence of digital narratives on the preservation of cultural identities, ensuring that 

cultural heritage is portrayed with accuracy and respect. 
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