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Abstract—This research highlights the significant impact of digital content on shaping tourist perceptions and behaviors,
particularly emphasizing the influence of travel vlogs. Utilizing the Tourism and Travel Content Analysis (TTCA) framework, the
study analyzed 1,972 review posts out of 2,250, revealing critical insights into viewer engagement and sentiment. Toxicity score
calculations indicated prevalent negative interactions, with scores ranging from 0.05542 to 0.86967 for Toxicity, 0.00536 to
0.50704 for Severe Toxicity, 0.01921 to 0.59834 for Identity Attack, 0.03305 to 0.76573 for Insult, 0.03737 to 0.78492 for
Profanity, and 0.01075 to 0.48617 for Threat, underscoring the need for compelling content moderation. Sentiment analysis using
VADER and TextBlob demonstrated a generally positive reception of travel vlogs, with VADER classifying 3.73% of posts as
unfavorable, 19.83% as neutral, and 76.44% as positive. In comparison, TextBlob classified 2.71% of posts as unfavorable, 35.59%
as neutral, and 61.69% as positive for English posts. Notably, VADER and TextBlob agreed on sentiment classification for 446
out of 587 posts (75.98%), with a Cohen’s kappa statistic of 0.471, indicating moderate agreement. These findings suggest that
well-regulated and thoughtfully designed digital content significantly enhances user engagement and optimizes destination
marketing strategies. Future research should incorporate advanced analytical tools and comprehensive data sets to refine these
insights further, supporting the development of more targeted and effective marketing efforts in the tourism sector. This study thus
contributes to a deeper understanding of digital media's impact on tourism marketing, offering practical recommendations for
leveraging content to foster positive and engaging tourist experiences.
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1. INTRODUCTION

Analyzing tourism and travel content from a market perspective is essential to understand the perceptions and
behaviors within the tourism sector. A thorough examination of how potential travelers interact with and interpret
travel-related information reveals crucial insights into decision-making processes [1]-[5]. This approach not only aids
in identifying trends and preferences but also assists in tailoring marketing strategies to better align with consumer
expectations [6]-[11]. Businesses develop more effective promotional tactics and enhance customer satisfaction by
delving into specific market dynamics [12]. Consequently, targeted content analysis from a market-oriented viewpoint
significantly contributes to tourism marketing endeavors' overall efficiency and success.

Challenges in destination marketing include aligning tourists' preferences with the availability of facilities at
tourist destinations and other aspects requiring the involvement of various stakeholders. Effective marketing strategies
must consider travelers' diverse needs and expectations, ensuring destinations have the appropriate amenities to meet
these demands [13]-[18]. Collaboration among government entities, local businesses, and community organizations
is imperative to enhance the visitor experience and maintain competitive appeal [19]-[23]. Addressing these
multifaceted challenges necessitates a holistic approach integrating input from all relevant parties, ultimately leading
to a more cohesive and successful marketing strategy for tourist destinations.

The digital content era stimulates significant discourse in destination marketing, particularly regarding its
influence on travel intentions. Travel influencers are pivotal in shaping tourists' decisions through engaging video
content shared on various media platforms [24]. These visual narratives effectively capture the essence of destinations,
making them more appealing to potential visitors [25]. This phenomenon underscores the importance of incorporating
influencer collaborations into marketing strategies to enhance destination visibility and attractiveness [26].
Consequently, travel influencers' integration of digital content has become indispensable in contemporary destination
marketing practices.

This research analyzes public sentiment toward travel vlog videos to generate recommendations for
developing tourist destinations that align with traveler preferences. Sentiment analysis of these videos provides
valuable insights into visitor experiences and expectations, highlighting areas for improvement and enhancement [27].
Understanding the emotional responses elicited by travel content allows for the formulation of targeted strategies to
meet the desires of potential tourists [28]. Consequently, leveraging sentiment analysis in travel vlogs significantly
informs destination development, ensuring that offerings are closely aligned with the evolving preferences of the
tourism market.

The urgency of this research lies in its potential to address critical gaps in understanding consumer behavior
within the tourism sector. The study seeks to provide actionable insights for enhancing destination marketing strategies
by examining contemporary trends and preferences [29]. In a rapidly evolving digital landscape, timely and relevant
data is essential for staying competitive and meeting the dynamic needs of travelers [30]. Therefore, the findings from
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this research are expected to contribute significantly to developing more effective, evidence-based approaches in
tourism marketing, ensuring destinations remain attractive and relevant in a global market.

This research's theoretical and practical contributions are significant in advancing the field of tourism studies
and improving industry practices. Theoretically, the study enhances the existing body of knowledge by providing a
nuanced understanding of how digital content influences tourist behavior and destination perception [31]. Practically,
the insights gained from the research offer valuable guidelines for tourism marketers to develop more targeted and
effective promotional strategies. These contributions not only bridge the gap between theory and practice but also
support the creation of more engaging and appealing tourist experiences, thereby fostering sustainable tourism
development.

Similar research in the field of tourism marketing has explored the impact of digital media on travel behavior.
Yet, this study uniquely focuses on the specific role of travel vlog videos in shaping public sentiment. Previous studies
have generally emphasized broader digital marketing strategies without delving into the nuances of user-generated
video content [32]. However, a limitation of this research is the potential bias in sentiment analysis due to the
subjective nature of interpreting viewer comments and interactions. Despite this constraint, the study's findings are
expected to provide valuable insights, though future research should aim to incorporate more diverse data sources to
enhance the robustness of the conclusions.

Recommendations for further research in tourism marketing should include a deeper exploration of the
interactive effects of various digital content types on tourist behavior. Investigating the combined impact of social
media posts, blogs, and travel vlogs across different demographic segments could provide a more comprehensive
understanding of digital influence. Additionally, employing advanced analytical methods, such as machine learning
and big data analytics, could enhance the precision of sentiment analysis and reduce bias. These future studies will
likely yield more granular insights, ultimately contributing to more effective and personalized marketing strategies in
the tourism industry.

2. RESEARCH METHODOLOGY
2.1 Gap Analysis

Enhancing studies on tourism destination marketing is crucial to gaining insights into tourist preferences and evolving
trend demands. Identifying gaps in current research reveals that data review methodologies need optimization, mainly
by applying Artificial Intelligence (Al) for large-scale data processing [33]. Al's advanced analytical capabilities offer
significant improvements in extracting meaningful patterns and trends from extensive datasets [34]. Therefore,
integrating Al into tourism marketing analysis promises a more accurate and efficient understanding of tourist
behaviors and preferences, ultimately leading to more tailored and effective marketing strategies.
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Figure 1. Network Visualization of Tourism Digital Marketing (VosViewer)

Figure 1 shows the network visualization of tourism digital marketing. The topic of tourism destination digital
marketing content warrants further exploration, especially given the accessibility and motivational impact of travel
vlogs on the public. Travel vliogs are potent tools for showcasing destinations, often inspiring viewers to visit through
vivid, personal narratives [35]. These videos offer authentic experiences that traditional marketing methods cannot
replicate, making them highly effective in influencing travel decisions [36]. Delving deeper into this subject could
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unveil new strategies for leveraging digital content to enhance destination appeal. Consequently, a focused study on
travel vlog content could significantly advance the understanding and application of digital marketing in tourism.

Based on the identified gaps in similar studies, this research employs the Tourism and Travel Content Analysis
(TTCA) framework, which is pertinent to the data context and processing objectives to produce information relevant
to tourism marketing. The TTCA framework facilitates a structured approach to analyzing diverse data sources,
ensuring the resulting insights are comprehensive and actionable. By integrating this framework, the study aims to
enhance the precision and relevance of the findings, thus contributing to more effective marketing strategies.
Consequently, the TTCA framework proves essential in bridging existing research gaps and advancing the field of
tourism marketing analysis.

2.2 Tourism and Travel Content Analysis (TTCA)

The Tourism and Travel Content Analysis (TTCA) framework evaluates public perceptions of digital destination
content discussed through traveler vliog videos. This framework systematically assesses viewer responses and
engagement, providing a detailed understanding of how such content influences audience opinions and travel
intentions. By leveraging TTCA, it is possible to identify critical factors that resonate with viewers, informing more
effective content creation and marketing strategies. Therefore, applying TTCA in analyzing travel vlogs is pivotal for
optimizing digital tourism marketing and enhancing destination appeal based on empirical insights.

Tourism and Travel Content Analysis Framework (TTCA)

Tourism and Travel Content Model Result and Performance Evaluation Analysis

Destination

Average for Marketing

Dataset
Perspective and Detoxify Toxicity Score

Average and User Engagement

Valence Aware Dictionary and Highest Value

Text Ds i
extData (Reviews) Sentiment Reasoner (Vader)

Tourist Perception

Sentiment Negative
TextBlob
Positive Visit Intention
« Post Per Day Statistic
+ Words Cloud
« Emoji Cloud
+ Top Ten Poster Neutral Tourist Behaviour

Figure 2. Tourism and Travel Content Analysis Framework

Figure 2 shows the implementation of the TTCA framework. The Tourism and Travel Content Analysis
(TTCA) framework excels in transforming review data into marketing opportunities aligned with traveler preferences.
This framework systematically processes and interprets diverse data sources, extracting valuable insights into tourist
expectations and behaviors. By leveraging TTCA, destinations tailor marketing strategies to address specific consumer
desires, enhancing appeal and competitiveness. Such targeted approaches are crucial in today’s dynamic tourism
landscape, where understanding and responding to nuanced traveler preferences significantly impact destination
success. Consequently, TTCA is essential for optimizing tourism marketing through data-driven insights.

Considering these factors, this research utilizes the TTCA framework in processing travel vliog review data to
understand viewer responses that could form the tourism market. TTCA systematically analyzes viewer comments
and interactions, providing insights into preferences and expectations. This methodological approach ensures the data
interpretation is comprehensive and relevant to current market trends. Employing TTCA in this context not only
enhances the accuracy of the findings but also offers actionable insights for developing targeted marketing strategies.
Consequently, applying TTCA is crucial in leveraging viewer responses to optimize tourism marketing efforts.

2.2.1 Text Data (Reviews)

This research focuses on processing review data from a travel vlog video uploaded to the sharing media platform
YouTube with the ID EJAWYOApwJY, which has garnered 798,731 views since September 19, 2023, and received
2,255 comments. The analysis aims to extract valuable insights from these interactions, highlighting viewer
preferences and sentiments towards the destination featured in the vlog. Understanding these responses is essential
for developing effective tourism marketing strategies that resonate with potential travelers. Consequently, the findings
from this study are expected to provide actionable recommendations for optimizing digital content in tourism
promotion.
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Figure 3. Post-per-day Statistic of the Video (Communalytic)

Figure 3 shows the content's post-per-day statistics. Based on the post-per-day statistics from the analyzed
video, significant viewer responses are observed on specific dates: September 20, 2023, with 261 posts; September
19, 2023, with 253 posts; September 25, 2023, with 125 posts; September 22, 2023, with 115 posts, and September
21, 2023, with 105 posts. These spikes in engagement indicate particular interest and interaction from viewers during
these periods. Such data points highlight critical moments of viewer engagement, suggesting heightened interest or
reactions to the content. Analyzing these trends is crucial for understanding audience behavior and optimizing future
content strategies. Consequently, identifying these patterns provides valuable insights for targeted marketing and
content development in tourism.

Post-per-day statistical data is essential for identifying the number of viewer responses in comments after a
video is published. This data provides insights into the audience's engagement levels and the timing of interactions.
Analyzing these statistics helps to pinpoint specific periods of heightened activity, indicating increased viewer interest
or reactions to the video content. Such information is crucial for optimizing content release strategies and enhancing
viewer engagement. Consequently, leveraging post-per-day data allows a more strategic approach to content
management and audience interaction in digital marketing.
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Figure 4. Top Ten Poster (Communalytic)

Figure 4 shows the top ten posters. The top ten poster data reveals the most active users engaging with the
video content: @adijokka and @sahrilaja9610 with 14 posts each, followed by @KTristianHansen and
@ahsanshop6012 with 11 posts each. Additionally, @danyipung6462, @anibaays, and @rayhannumami861
contributed 9 posts each, while @mamirmakassarmamir8015, @madistewars2576, and @ArdiArdi-hp2zh each
posted 8 times. This data highlights key individuals who significantly interact with the content, indicating a higher
level of engagement and interest. Understanding the behavior of these top contributors provides valuable insights for
targeted marketing strategies and community building. Consequently, identifying and analyzing the activity of these
top posters is crucial for optimizing engagement and fostering a loyal audience base.

Identifying the top ten posters is essential for determining the number of posts based on the accounts' identities.
This analysis provides insights into which users engage most actively with the content, highlighting frequent
interaction patterns. Understanding these top contributors reveals essential trends and behaviors within the audience,
informing targeted engagement and community-building strategies. Marketers tailor approaches by focusing on these
active users to foster loyalty and enhance viewer participation. Consequently, identifying and analyzing the top ten
posters is crucial for optimizing digital content strategies and enhancing audience engagement.
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Figure 5. Frequently Used Words (Communalytic)

Figure 5 shows the frequently used words. Based on the frequently used words, it is evident that "Makassar"
(326 occurrences) and "Sulawesi" (179 occurrences) are the most frequently mentioned terms, indicating a strong
focus on these locations. The words "kota" (69 occurrences) and "“city" (53 occurrences) further emphasize urban
settings as significant topics of discussion. Additionally, the frequent mention of "Indonesia” (85 occurrences)
highlights a broader geographical context within the conversation. These insights suggest that content related to these
areas, particularly Makassar and Sulawesi, is highly engaging to viewers. Consequently, leveraging these critical terms
in marketing strategies could enhance content relevance and viewer interest in tourism-related promotions.

A word cloud is essential for identifying the terms most viewers highlight in comments, thereby allowing for
the evaluation of content and destination management for tourism marketing purposes. This analytical tool visually
represents the frequency of words used, offering immediate insights into the main topics and concerns of the audience.
Marketers tailor strategies to address specific interests and enhance the destination's appeal by focusing on these key
terms. Consequently, using a word cloud facilitates a more targeted and practical approach to optimizing tourism
content and management practices.
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Figure 6. Emoji Cloud (Communalytic)

Figure 6 shows the emoji clouds. Based on the emoji cloud analysis, the most frequently used emojis include
the heart emoji (W) with 98 occurrences, the thumbs-up emoji (¢Z4) with 41 occurrences, and the laughing emoji (&)
with 40 occurrences. Other notable emojis, such as the smiling face (@)) with 38 occurrences and the prayer hands

(\,) with 29 occurrences, also feature prominently. These emojis suggest a positive and engaging viewer response,
indicating satisfaction and enjoyment. Consequently, the prevalence of these emojis highlights the importance of
fostering an emotionally resonant connection with the audience in tourism marketing efforts.

2.2.2 Model

The Perspective API calcifies toxicity scores at the model stage to reduce online toxicity. Perspective utilizes machine
learning models to identify abusive comments, scoring phrases based on perceived impact on conversations.
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Developers and publishers use this scoring system to provide feedback to commenters, assist moderators in reviewing
comments more efficiently, or help readers filter out harmful language. The models offer scores for attributes beyond
the primary Toxicity attribute, including Severe Toxicity, Insult, Profanity, Identity Attack, Threat, and Sexually
Explicit content. Consequently, implementing Perspective models enhances moderation and fosters a safer online
environment.

The Perspective API offers two distinct methods for analyzing comments. The first method, AnalyzeComment,
allows users to request a comment to be evaluated, after which a score is returned indicating the comment's toxicity
level. The second method, SuggestCommentScore, enables users to propose an improved comment score, enhancing
the toxicity assessment's accuracy and reliability. These methods collectively provide a robust framework for
moderating online content, ensuring that harmful language is effectively identified and managed. Consequently, the
implementation of these methods supports the creation of a safer and more respectful online environment.

The Vader and TextBlob models are utilized in sentiment analysis to evaluate textual data. Vader is particularly
effective for analyzing social media content due to its ability to detect the intensity of sentiments. At the same time,
TextBlob provides comprehensive insights by classifying text into positive, negative, or neutral sentiments. These
models offer robust methodologies for interpreting the emotional tone of large datasets. Consequently, employing
Vader and TextBlob enhances the accuracy and depth of sentiment analysis, enabling more informed decisions based
on the emotional responses captured in the data.

The TextBlob model was compared with the performance of the VVader model, each offering distinct advantages
in sentiment analysis. TextBlob excels in providing a more granular analysis by breaking down text into subjective
and objective components, thereby offering a nuanced understanding of sentiment. TextBlob’s simplicity and ease of
implementation make it highly accessible for various applications. While Vader is particularly adept at handling the
informal language typical of social media, TextBlob's comprehensive approach to sentiment classification presents a
unique strength. Consequently, leveraging TextBlob yields more detailed insights into sentiment analysis,
complementing the capabilities of the Vader model.

2.2.3 Result and Performance Evaluation

The Perspective model is evaluated based on the average and highest scores obtained from the classification results
across several attributes: Severe Toxicity, Insult, Profanity, Identity Attack, and Threat. This evaluation method
ensures a comprehensive assessment of the model’s effectiveness in identifying abusive language. Analyzing the mean
and peak values gives a more accurate representation of the model’s performance. Consequently, this approach
highlights areas where the model excels and identifies potential improvements, thereby enhancing its utility in
moderating online content and maintaining a respectful digital environment.

The TextBlob and Vader models were evaluated using Cohen’s kappa statistic by the distribution of polarity
values. This statistical measure assesses the agreement between the two models in sentiment classification, accounting
for chance agreement. By analyzing the polarity values, Cohen's kappa provides a robust metric to compare the
consistency and reliability of TextBlob and Vader. Consequently, this evaluation method offers a comprehensive
understanding of each model's performance, ensuring that outputs are aligned with the expected sentiment
distributions and enhancing the credibility of sentiment analysis results.

2.2.4 Analysis

At the analysis stage, sentiment and toxicity analysis data are linked to discussions related to destination marketing,
user engagement, tourist perception, visit intention, and tourist behavior. This integration provides a comprehensive
understanding of how various factors influence tourists' decisions and interactions with digital content. By correlating
sentiment and toxicity levels with these critical aspects, valuable insights were gained into the effectiveness of
marketing strategies. Consequently, this approach enhances the precision of marketing campaigns and fosters a deeper
connection with the target audience, ultimately driving better engagement and satisfaction.

This research focuses on the influence of travel vlogs on visit intention and the significant impact of destination
marketing through digital content. Travel vlogs provide authentic and engaging visual narratives that shape potential
tourists' perceptions and motivations. The compelling nature of these videos enhances viewers' desire to visit the
featured destinations. Consequently, the strategic use of digital content in destination marketing plays a crucial role
in driving visit intention, making it an indispensable tool for tourism promotion and engagement. This study highlights
the importance of leveraging travel vlogs to optimize marketing efforts and attract tourists.

3. RESULT AND DISCUSSION

The discussion in this research is divided into three sections: first, the process of calculating toxicity scores using the
Perspective model; second, the classification of sentiment based on review data; and third, the discussion on the
influence of travel vlogs on visit intention. The initial section details the methodology and effectiveness of Perspective
in identifying and scoring toxic comments. The subsequent section focuses on sentiment analysis, utilizing review
data to classify and understand the emotional tone of viewer responses. Finally, the third section explores how travel

Copyright © 2024 Yerik Afrianto Singgalen, Page 474
This Journal is licensed under a Creative Commons Attribution 4.0 International License


https://ejurnal.seminar-id.com/index.php/bits
https://creativecommons.org/licenses/by/4.0/

Building of Informatics, Technology and Science (BITS)
Volume 6, No 1, June 2024 Page: 469-479

ISSN 2684-8910 (media cetak)

ISSN 2685-3310 (media online)

DOI 10.47065/bits.v6i1.5294

vlogs impact potential tourists' intentions to visit destinations. These comprehensive discussions provide valuable
insights into the multifaceted aspects of digital content's role in tourism marketing and visitor engagement.

3.1 Toxicity Score and Analysis

Based on the toxicity score calculations using the Perspective model, the results are as follows: Toxicity scores range
from 0.05542 to 0.86967, Severe Toxicity from 0.00536 to 0.50704, Identity Attack from 0.01921 to 0.59834, Insult
from 0.03305 to 0.76573, Profanity from 0.03737 to 0.78492, and Threat from 0.01075 to 0.48617. These scores
indicate varying levels of abusive language detected in the analyzed comments, with Profanity and Insult having the
highest maximum scores, suggesting these types of toxic behavior are more prevalent. Consequently, these findings
underscore the importance of effective moderation strategies to manage and mitigate online toxicity, particularly in
digital content related to travel and tourism.

Average Toxicity Scores per Month

% of posts w/scores
~—=— Toxicity
0.6 Profanity
Severe Toxicity
Identity Attack
Insult
04 —s— Threat

Values

0.2

/’\%—/\

Sep 2023 Nov 2023 Jan 2024 Mar 2024 May 2024

Date (in months)

Figure 7. Toxicity Score (Communalytic)

Figure 7 shows the toxicity score based on the score per month. These figures indicate a spectrum of toxic
behaviors in the comments, with Profanity and Insult exhibiting the highest maximum scores. This suggests that such
forms of abusive language are more prevalent among the analyzed comments. Consequently, these insights highlight
the necessity for robust moderation techniques to address and reduce online toxicity, thereby ensuring a healthier
digital environment for discussions related to travel and tourism.

Ensuring a healthier digital environment for discussions related to travel and tourism is paramount for fostering
positive and constructive interactions. Implementing advanced moderation tools, such as machine learning models
like Perspective, effectively identifies and mitigates toxic comments, enhancing the overall quality of online
conversations. Promoting community guidelines and encouraging respectful and inclusive behavior are crucial to a
welcoming atmosphere. By combining technological solutions with proactive community management, digital
platforms create a safer and more engaging space for users to share experiences and information about travel and
tourism, ultimately benefiting both the audience and the industry.

Based on Communalytic's analysis of 1,972 posts out of 2,250, the toxicity score calculations indicate the
necessity for well-regulated and thoughtfully designed content to foster a positive digital interaction environment,
particularly concerning travel vlog content and tourism destination marketing. Effective content moderation strategies
are essential to minimize the presence of toxic comments and enhance user engagement. Developing clear community
guidelines and using advanced sentiment analysis tools contribute significantly to maintaining a constructive online
atmosphere. Consequently, these measures are vital for ensuring digital platforms are beneficial spaces for promoting
travel and tourism-related discussions.

3.2 Sentiment Classification

Based on the analysis of 616 out of 2,250 posts, the performance evaluation of the VVader and TextBlob sentiment
classification models demonstrated optimal results. These models effectively identified and categorized the sentiments
expressed in the posts, showcasing reliability and accuracy. The comparative analysis highlighted respective strengths
in handling different types of textual data, contributing to a comprehensive understanding of audience sentiment.
Consequently, the successful application of these models underscores the utility of sentiment analysis for improving
content strategies and enhancing user engagement in digital marketing efforts.

Copyright © 2024 Yerik Afrianto Singgalen, Page 475
This Journal is licensed under a Creative Commons Attribution 4.0 International License


https://ejurnal.seminar-id.com/index.php/bits
https://creativecommons.org/licenses/by/4.0/

Building of Informatics, Technology and Science (BITS)
Volume 6, No 1, June 2024 Page: 469-479

ISSN 2684-8910 (media cetak)

ISSN 2685-3310 (media online)

DOI 10.47065/bits.v6i1.5294

# of Posts Negative Sentiment [-1..-0.05] Neutral Sentiment (-0.05..0.05) Positive Sentiment [0.05..1]

VADER 590 22 (3.73%) 117 (19.83%) 451 (76.44%)
(English/EN)

TextBlob 590 16 (2.71%) 210 (35.59%) 364 (61.69%)
(English/EN)

TextBlob 2 0 (0.00%) 2 (100.00%) 0 (0.00%)
(French/FR)

TextBlob 24 1(4.17%) 21 (87.50%) 2 (8.33%)

(German/DE)

Figure 8. Vader and TextBlob Performance in Sentiment Classification

Figure 8 shows the performance of the Vader and TextBlob models. The sentiment analysis of 590 posts using
the VADER model in English revealed distinct sentiment distributions: 22 posts (3.73%) exhibited negative sentiment,
117 posts (19.83%) were categorized as neutral, and 451 posts (76.44%) displayed positive sentiment. These results
indicate a predominantly positive response from the audience, with most posts reflecting favorable opinions. The
relatively low percentage of negative sentiment underscores the overall positive engagement of users. Consequently,
these findings validate the effectiveness of the VADER model in accurately classifying sentiments, providing valuable
insights for enhancing content strategies in digital marketing.

The sentiment analysis conducted using TextBlob in different languages revealed the following distributions:
for English (EN), out of 590 posts, 16 posts (2.71%) were negative, 210 posts (35.59%) were neutral, and 364 posts
(61.69%) were positive. For French (FR), out of 2 posts, both (100%) were neutral. For German (DE), out of 24 posts,
one post (4.17%) was negative, 21 posts (87.50%) were neutral, and two posts (8.33%) were positive. These findings
highlight the effectiveness of TextBlob in classifying sentiments across multiple languages, with a notable
predominance of positive and neutral sentiments, particularly in the English and German datasets. Consequently, these
results underscore the utility of TextBlob for multilingual sentiment analysis in digital marketing.

Distribution of Polarity Values
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Figure 9. Distribution of Polarity Values

Figure 9 shows the distribution of polarity values. The VADER and TextBlob concur on categorizing 446
(75.98%) out of 587 English language posts, indicating a moderate agreement level (Cohen’s kappa statistic = 0.471).
Expressly, both sentiment analysis libraries agree on seven posts (1.57%) with negative sentiments (polarity scores <
-0.05), 96 posts (21.52%) with neutral sentiments (polarity scores between -0.05 and 0.05), and 343 posts (76.91%)
with positive sentiments (polarity scores > 0.05). This concurrence demonstrates a significant level of reliability in
sentiment classification between the two models, reinforcing the validity of the sentiment analysis outcomes.
Consequently, the alignment between VADER and TextBlob enhances confidence in an application for sentiment
evaluation in digital content analysis.

Based on the analysis of the dataset, discrepancies between VADER and TextBlob sentiment assignments were
observed. Specifically, there are seven posts where VADER assigned positive polarity scores while TextBlob assigned
negative scores. Additionally, five posts were identified where VADER assigned negative polarity scores, contrasting
with TextBlob's favorable assignments. These inconsistencies highlight the differences in sentiment detection
algorithms and underscore the need for careful interpretation when using multiple models. Consequently,
understanding these variations is crucial for improving sentiment analysis accuracy and ensuring reliable data-driven
insights.
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3.3 Discussion: Travel Vlog Content and Visit Intention

The influence of travel vlog content on visit intention is significant, as these videos provide potential tourists with
immersive and authentic experiences of destinations. Through engaging narratives and visual appeal, travel vliogs
effectively capture the essence of a location, making it more attractive to viewers [37]. This persuasive power often
translates into a heightened desire to visit the featured destinations, as viewers feel a personal connection to the
experiences depicted. Consequently, leveraging travel vlog content as part of destination marketing strategies
substantially enhances visit intention, demonstrating the critical role of digital media in contemporary tourism
promotion.

The impact of toxicity and sentiment analysis on tourists' perceptions of a destination is profound, as these
analyses provide insights into the overall discourse surrounding the destination. High toxicity levels deter potential
visitors by highlighting negative interactions and hostile environments within the community. Conversely, positive
sentiment analysis reflects favorable opinions and experiences, enhancing the destination's attractiveness [38], [39].
Understanding these dynamics allows for more effective management of online content and reputation. Consequently,
leveraging sentiment and toxicity analysis is crucial for shaping tourists' perceptions and fostering a positive image of
the destination, ultimately influencing the decision-making process.

Effective content management significantly enhances user engagement and optimizes the performance of
destination marketing. Well-curated content that resonates with the audience's interests and preferences encourages
more interaction and sharing, thereby increasing visibility [40]. Additionally, strategically designed content
incorporating engaging visuals, compelling narratives, and informative elements attract a broader audience and sustain
interest. Consequently, a robust content management strategy is crucial for maximizing the impact of marketing
efforts, ensuring that the destination remains appealing and relevant in a competitive tourism market.

The limitations of this research primarily stem from the scope and methodology employed. The dataset
analyzed may not be comprehensive enough to represent the entire spectrum of tourist perceptions and behaviors.
Additionally, reliance on sentiment and toxicity analysis tools, such as VADER and TextBlob, introduces potential
biases and inaccuracies inherent in automated text analysis. While compelling, these tools may not fully capture the
nuances of human emotion and contextual subtleties. Consequently, these limitations suggest further research
incorporating more diverse datasets and advanced analytical methods to understand the subject matter better and more
holistically.

Further research is recommended to expand the scope and depth of the current study's findings. Future studies
should incorporate a more extensive and diverse dataset to ensure a comprehensive understanding of tourist
perceptions and behaviors. Additionally, employing advanced sentiment analysis techniques, such as deep learning
and natural language processing, could enhance the accuracy and reliability of the results. These improvements would
provide more nuanced insights into the complex dynamics of digital content and its impact on tourism marketing.
Consequently, these recommendations aim to refine and build upon the existing research, contributing to more
effective and informed strategies in the tourism industry.

4. CONCLUSION

In conclusion, this research underscores the significant role of digital content in shaping tourist perceptions and
behaviors, with a particular focus on the influence of travel vlogs. Utilizing the Tourism and Travel Content Analysis
(TTCA) framework, the study effectively processed and analyzed 1,972 review posts out of 2,250, providing valuable
insights into viewer engagement and sentiment. The toxicity score calculations revealed the prevalence of negative
interactions within the analyzed content, with scores ranging from 0.05542 to 0.86967 for Toxicity, 0.00536 to
0.50704 for Severe Toxicity, 0.01921 to 0.59834 for Identity Attack, 0.03305 to 0.76573 for Insult, 0.03737 to 0.78492
for Profanity, and 0.01075 to 0.48617 for Threat. These findings highlight the need for compelling content moderation
strategies to maintain a positive digital environment. Sentiment analysis using models such as VADER and TextBlob
demonstrated a positive reception of travel vlogs. Specifically, VADER classified 3.73% of posts as unfavorable,
19.83% as neutral, and 76.44% as positive out of 590 analyzed posts. TextBlob, on the other hand, classified 2.71%
of posts as unfavorable, 35.59% as neutral, and 61.69% as positive for English posts, with similar trends observed for
French and German posts. The analysis revealed that VADER and TextBlob agreed on the sentiment classification
for 446 out of 587 posts (75.98%), with a Cohen’s kappa statistic of 0.471, indicating moderate agreement. There
were seven posts where VADER assigned positive polarity scores, TextBlob assigned negative, and five posts with
the opposite classification. The findings indicate that well-regulated and thoughtfully designed digital content
enhances user engagement and optimizes destination marketing strategies' performance. Integrating advanced
analytical tools and comprehensive data sets in future research is recommended to refine these insights further and
support the development of more targeted and effective marketing efforts in the tourism sector. Consequently, this
study contributes to a deeper understanding of the impact of digital media on tourism marketing, offering practical
recommendations for leveraging content to foster a positive and engaging tourist experience.
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